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Feature Extraction Usng Best Wavelet Packet Trangdorm
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Abdtract:  In pattern recognition or clasdfication ,extracting efective classfication featuresfrom orignd pattern sgnasis very
important. But for a great number of nor- dationary or time - varying sgnds,such as eech ,radar ,earthquake sgnd's,etc. ,classfi-
cation features are doften locdized both in time and frequency ,% thus extracting df ective featuresfrom them by generd trangormation
methods is very difficult. Wavelet packet trangorm can provides an arhitrary time-frequency deconpostion for the dgnds,because a
wavelet packet library contains many wavelet packet bases which can hande the different componentsof a gnd . Therefore ,by sdlect-
ing a suitable bass the dfective features can be extracted. This paper is mainly concerned with extracting efective features from the
recognized or classfied dgnds by sdecting wavelet packet bads via gven traning sample sts. Three separahlity criteria,i. e. ,ds
tance criterion ,divergence criterion and entropy criterion ,are used for sdecting the bes bas's. The performance of features extraction
by wave et packet trandorm is conpared with that by wavelet trangorm through experiments.
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